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":PT Vision Foundation Models: Ubersicht [Awais et al. 2023]
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Vision Foundation Models: Text-Prompt — Contrastive Language Image Pre-training
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\:IFPT OpenScene: 3D Scene Understanding with Open Vocabularies
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[Kirillov et al. 2023]
Vision Foundation Models: Segment Anything Model (SAM) [Moenck et al. 2023]

. three levels =
i ' of masks
: A A :
i A A :
[ | = SA-1b Datensatz: 11 Mio.
(P.1) (P.2) (P.3) (P.4) Bilder / 1+ Mrd. Masken
0000000 = Datensatz durch iterative
0000000 o Erstellung: Modell-assistiert,
0000000 ¢ ® semi-automatisch, voll-
0000000 o Y automatisiert
: : : : : : : ® ° =  Hierarchische Masken:
Whole, Part, Sub-part
eo00oc000 _ part
=  Maskierung von semantisch-
sinnvollen Regionen
=  Klassen-agnostisch

Keno Moenck, M.Sc. Rev. 1 20.02.2024 8



Vision Foundation Models: Segment Anything Model (SAM) — Industrial Examples [Moenck et al. 2023]
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Vision Foundation Models for 3D Scene Perception

Super-/Semi-supervised
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\:IFPT Vision Foundation Models for 3D Scene Perception: SAM3D
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Vision Foundation Models for 3D Scene Perception: SAMPro3D
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Vision Foundation Models for 3D Scene Perception
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EéIFPT Stanford 3D Indoor Dataset (S3DIS) [Armeni et al. 2023]
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Individual Frame Segmentation
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\/IFPT Individual Frame Segmentation
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\/IFPT Individual Frame Segmentation
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EéIFPT Segmentation Mask Propagation
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Segmentation Mask Propagation (3/4)
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Segmentation Mask Propagation (4/4)
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[Xu et al. 2023]

Metric: Class-agnostic Instance Segmentation
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Results (mloU)
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